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weka/REPTree
mlr/C50
weka/J48
weka/DecisionTable
mlr/rpart
sklearn/adaboost
sklearn/decision_tree
mlir/Xgboost
mir/h20.gbm
sklearn/gradient_boosting
weka/HoeffdingTree
krg/gctre,e
we aggin
MINRRE
“mlr/glmnet.
weka/SimpleLogistic
weka/BayesNet
mlir/naiveBayes
weka/NaiveBayes
weka/RandomForest
mlir/ksvm
mlr/svm
mlr/gausspr
mlir/randomForest
mlir/randomForestSRC
mlr/ranger
sklearn/random_forest
mlr/h20.randomForest
sklearn/extra_trees
mlr/h20.deeplearning
mlr/sda
weka/SMO
keras/dnn

sklearn/logistic_regression
weka/LibLINEAR
sklearn/lda
keras/snn
sklearn/svm
weka/LIbSVM
sklearn/sgd
mir/earth.
weka/JRip
mlr/kknn
sklearn/knn
weka/RBFNetwork
weka/HyperPipes
weka/V

e
weka/RandomTree
weka/OneR
, mir/mlp
sklearn/multilayer_perceptron
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